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When controlling for demonstrated proficiency, non-Asian minority students have
about a 50% chance of being recommended for Advanced Mathematics compared to
White and Asian students (Vanfossen et al., 1987).

The racial disparities in course placement are often due to counselors who assign
students of color to lower tracks, believing they are making "realistic" judgments
about their futures (Moore & Davenport, 1988).

A 1993 study in California found that Latino students who score near the 60th
percentile on standardized tests are less than half as likely as white and Asian students
to be placed in college preparatory classes. Latino students who score above the 90th
percentile on these same tests have about a 50% chance of being placed in a college
preparatory class. Asian and white students with similar scores have more than a 90%
chance to be placed in a college preparatory class. A Latino student who scores 90-
99% on a standardized math test has a smaller chance of being placed in a college
preparatory math class than an Asian student who scores in the 60-69 percentile
(Oakes, 1993).

In a study of 6,000 students, the researcher examined the records of all students who
scored in the upper quartile on a nationally normed mathematics test and found that
students from wealthier families were three times more likely to be placed into
algebra than low income students of equal ability (Stone, 1998).

Low income students are half as likely to be recommended for rigorous math classes
than other students of equal ability (Stone & Turba, 1999).

When students are not tracked, teacher expectations for all students is high, and no
students are stigmatized by being placed on low tracks (Glass, 2002).

Sixth grade placement is the strongest predictor of 8th grade math placement. The
main predictor of sixth grade placement of equally high-scoring students is social
factors—race being one of the most significant factors (O’Connor et al., 2007).

With all other factors being equal, when a student of low socioeconomic status and a
student of middle socioeconomic status both make low course grades and average test
scores, the former student will often be placed in a lower math track while the latter is
placed in a higher track (Abu El-Haj & Rubin, 2009; Callahan, 2005; Gamoran, 2009;
Marks, Cresswell, & Ainley, 2006)

A North Carolina study examined course-taking patterns among eighth-grade students
who scored at or above grade level on math End-of-Grade test. Among these students,
those who enrolled in eighth-grade Algebra were three times more likely to take
chemistry and physics in high school compared with the students who waited to
enroll in ninth-grade Algebra. Among the students who scored Level III (at grade
level), the students who enrolled in eighth-grade Algebra were 55 times more likely
to take chemistry and physics in high school (SAS Institute, 2009a, SAS Institute,
2009b).

Evaluation of North Carolina dropout prevention grants showed that until receiving
guidance on how to use data to target students likely to dropout, students were
primarily targeted based on demographic characteristics. Many of the first grant
programs (73%) lacked baseline data to measure outcomes. Additionally, many
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programs included components designed to address areas not directly related to
academic achievement, which is ultimately the prerequisite for graduation (Edstar,
2009).

Much research shows that biases play a key role in maintaining the academic
achievement gap in school systems (Achieve Inc., 2008; Bromberg & Theokas, 2014;
Education Trust, 2006; Garrity, 2004; Singleton & Linton, 2006; Theokas & Saaris,
2013; Van den Bergh et al., 2010).

Ninth graders are most likely to drop out of high school if they scored below
proficient on standardized math tests at the end of eighth grade, were retained in a
grade, or were suspended in middle school. When they receive support and services
aligned to these specific needs, they are much more likely to succeed in school and
graduate on time (E. Sparks, Johnson, & Akos, 2010).

In a state-wide study in North Carolina, educators admitted unabashedly that they
used free or reduced lunch status as “academic data” to determine student placement.
Others in the same study admitted that, because they had no access to free or reduced
lunch status, they had to rely on race to identify students who had perceived barriers
to learning (Stiff, Johnson, & Akos, 2011).

Harlem Children’s Zone (HCZ) in New York, which is known as a “no excuses”
school system that expects its students to do well, prepares students well
academically. Researchers have found that the high quality of the schools has led to
closing the black-white achievement gap in mathematics in middle school and to
closing the White and non-Asian-minority racial achievement gap in mathematics and
ELA in elementary schools. Although the community is also involved in the effort,
researchers have concluded that the high quality of instruction alone is enough to
close these gaps (Dobbie & Fryer Jr., 2011).

A recent study found that low-performing, high-income students are given more
opportunities to make them college-ready than are the high-performing, low-income
students. This is true at every grade level (Cratty, 2014).

Educators argue that, although the data may suggest they are capable, poor and
minority students could be overwhelmed by the coursework and the high expectations
they would encounter on a more rigorous track. Examples abound, however, of
school systems that expect all of their students to perform rigorous coursework
(Education Trust, 2006; Garrity, 2004; Guo, 2015).

In Broward County, Florida in the early 2000s, minority students outnumbered white
students, but of the 10,000 students labeled “gifted,” 56% were white, 20% were
Hispanic, and 15% were Black. Students were allowed in the gifted program if their
parents or their teachers recommended them for IQ testing and they scored a
particular score. Minority students and students from poorer schools were rarely
recommended. In the 2005-2006 schoolyear, Broward County Schools began testing
all of the second-grade students. As a result, 80% more Black students and 130%
more Hispanic students were in gifted programs for third grade. When more students
were included in the rigorous courses, the achievement gaps closed. Although this
closed achievement gaps, this practice of testing all students was stopped and the
achievement gaps returned. (Dynarski, 2016; Guo, 2015).



REFERENCES

Abu El-Haj, T. R., & Rubin, B. C. (2009). Realizing the equity-minded aspirations of detracking
and inclusion: Toward a capacity-oriented framework for teacher education. Curriculum
Inquiry , 39(3), 435-463.

Achieve Inc. (2008). Closing the Expectations Gap 2008: An annual 50-state progress report on
the alignment of high school policies and demands of college and work.

Argote, Linda, McEvily, Bill, Reagans, R. (2012). Managing Knowledge in Organizations: An
Integrative Framework of Review of Emerging Themes. Management Science, 49(4), 571—
582.

Argyris, C. (1999). On Organizational Learning. New York: Wiley.

Bocala, C., & Boudett, K. P. (2015). Teaching Educators habits of Mind for Using Data Wisely.
Teachers College Record, 117(20).

Bromberg, M., & Theokas, C. (2014). Falling out of the lead: Following high achievers through
high school and beyond. Education Trust: Shattering Expectation Series. Washington D.C.

Callahan, R. M. (2005). Tracking and high school English learners: Limiting opportunity to
learn. American Educational Research Journal, 42; 2(Summer), 305-328.

Cortez, A., & Vetter, L. (2008). Our piece of the pie: From data to decision-making. Raleigh,
NC.

Cratty, D. (2014). Do 3rd grade math scores determine students’ futures? A statewide analysis of
college readiness and the income achievement gap. North Carolina Department of Public
Instruction, Raleigh, NC.

Datnow, A., & Hubbard, L. (2015). Teachers’ Use of Assessment Data to Inform Instruction:
Lessons From the Past and Prospects for the Future. Teachers College Record, 117(40302).

Datnow, A., & Park, V. (2014a). The Four Ps of Educational Reform: People, Policies, Practices,
and Patterns. In Data-Driven Leadership (pp. 25—44). New York, NY: Jossey-Bass.

Datnow, A., & Park, V. (2014b). The promises and pitfalls of data-driven decision making. In
Data-driven leadership. Jossey-Bass Leadership Library in Education.

Dobbie, W., & Fryer Jr., R. G. (2011). Are high quality schools enough to close the achievement
gap? Evidence from a social experiment in Harlem. American Economic Journal, 3(3).

Dynarski, S. M. (2016, April). Why talented Black and Hispanic students can go undiscovered.
The New York Times. New York, NY.



Edstar. (2009). 2009 Dropout prevention grant recipients program evaluation: Final report.
Raleigh, NC.

Education Trust. (2006). Yes we can: Telling truths and dispelling myths about race and
education in America. Washington, DC: The Education Trust.

Farley-Ripple, E. N., & Buttram, J. (2015). The Development of Capacity for Data Use: The
Role of Teacher Networks in an Elementary School. Teachers College Record, 117(4), 1—
34.

Fullan, M. (2008). The six secrets of change. Wiley and Sons. New York, NY.
Gamoran, A. (2009). Tracking and inequality: New directions for Research and Practice.

Garrity, D. (2004). Detracking with vigilance: By opening the high-level doors to all, Rockville
Centre closes the gap in achievement and diplomas. The School Administrator.

Glass, G. V. (2002). Grouping students for Instruction. (A. Molnar, Ed.), School Reform
Proposals: The Research Evidence. Information Age Publishing. Charlotte, NC:

Godreau Cimma, K. L. (2010). A Middle School Principal’s and Teachers’ Perceptions of
Leadership Practices in Data-Driven Decision Making.

Goens, G., & Streifer, P. (2004). The softer side of leadership. In Tootls and Techniques for
Effective Data-Driven Decision Making (pp. 137-154). Oxford: ScarecrowEducation.

Gourevitch, A., Faeste, L., Baltassis, E., & Marx, J. (2017). Data-driven transformation:
Accelerate at scale. Boston, MA.

Grossman, A. S. (2010). Jumpstart: A culture of performance measurement and management.
Boston.

Guo, J. (2015, September). These kids were geniuses--they were just too poor for anyone to
discover them. The Washington Post. Washington D.C.

Hill, C., Borgatti, S. P., & Cross, R. (2003). A relational view of information seeking and
learning in social networks. Management Science, 49(4), 432—-445.

Hoogland, 1., Schildkamp, K., van der Kleij, F., Heitink, M., Kippers, W., Veldkamp, B., &
Dijkstra, A. M. (2016). Prerequisites for data-based decision making in the classroom:
Research evidence and practical illustrations. Teaching and Teacher Education, 60, 377-
386.

Ikemoto, G. S., & Marsh, J. A. (2007). Different Conceptions of Data-Driven Decision Making.
In Cuttling through the Data-Driven Mantra (pp. 105-129). Santa Monica, CA: RAND



Corporation Center on Education Policy.

Ingram, P., & Simons, T. (2002). The transfer of experience in groups of organizations:
Implications for performance and competition. Management Science, 48(12), 1517-1533.

Irons, E. J., Carlson, N. L., Lowery-Moore, H., & Farrow, V. R. (2007). Standards and
accountability implementation, why, how, where: Teachers’ perceptions. Journal of
Educational Research & Policy Studies, 7(2).

Knapp, M. S., Swinnerton, J. A., Copland, M. A., & Monpas-Huber, J. (2006). Introduction:
Data in decisionmaking and leadership. In Data-informed leadership. Seattle, Washington:
Center for the Study of Teaching and Policy: University of Washington.

Kotter, J. (1995). Leading Change. Harvard Business Review, (March-April), 59-67.

Kowalski, T. J., & Lasley II, T. J. (2009). Introduction: Contextualizing evidence-based decision
making. In T. J. Kowalski & T. J. Lasley II (Eds.), Handbook of Data-Based Decision
Making in Educaiton (pp. xi—xv). New York: Routledge.

Labaree, D. F. (2012). School Syndrome: Understanding the USA’s magical belief that schooling
can somehow improve society, promote access, and preserve advantage. Journal of
Curriculum Studies, 44(2), 143—-163.

Lai, M. K., & Schildkamp, K. (2013). Data-based Decision Making: An Overview. In K.
Schildkamp, M. K. Lai, & L. Earl (Eds.), Data-based Decision Making in Education:
Challenges and Opportunities (pp. 9-21). Dordrecht: Springer Netherlands.

Mandinach, E. B., & Gummer, E. S. (2013). A Systemic View of Implementing Data Literacy in
Educator Preparation. Educational Researcher, 42(1).

Mandinach, E. B., & Gummer, E. S. (2015). Data-Driven Decision Making: Components of the
Enculturation of Data Use in Education. In K. Schildkamp, M. K. Lai, & L. Earl (Eds.),
Teachers College Record (Vol. 117). Springer International Publishing.

Marks, G. N., Cresswell, J., & Ainley, J. (2006). Explaining socioeconomic inequalities in
student achievement: The role of home and school factors. Educational Research and
Evaluation, 12(2), 105-128.

Marsh, J. A., & Farrell, C. C. (2015). How leaders can support teachers with data-driven decision
making: A framework for understanding capacity building. Educational Management

Administration and Leadership, 43(2), 269-289.

Means, B., Chen, E., DeBarger, A., & Padilla, C. (2011). Teachers’ ability to use data to inform
instruction: Challenges and supports. Washington, DC.

Moore, D. R., & Davenport, S. (1988). The new improved sorting machine. Madison, WI:



National Center on Effective Secondary Schools.

Neff, J., Helms, A. D., & Raynor, D. (2017a). Counted out: 5 ways to help bright low-income
students excel: Part 3 of 3. The News & Observer. Raleigh, NC.

Nefft, J., Helms, A. D., & Raynor, D. (2017b). Counted out: Raleigh mother battles school
officials to keep 8th-grade son on the road to college: Part 2 of 3. The News & Observer.
Raleigh, NC.

Nefft, J., Helms, A. D., & Raynor, D. (2017c). Counted out: Why have thousands of smart, low-
income NC students been excluded from advanced classes? Part 1 of 3. The News &

Observer, Raleigh, NC.

O’Connor, C., Lewis, A., & Mueller, J. (2007). Researching “Black” educational experiences
and outcomes: Theoretical and methodological considerations. Educational Researcher.

Oakes, J. (1993). Ability grouping, tracking, and within-school segregation in the San Jose
Unified School District. Los Angeles: UCLA.

Orland, M. (2015). Research and Policy Perspectives on Data-Based Decision Making in
Education. Teachers College Record, 117(10), 1-10.

Paeplow, C., & Baenen, N. (2006). E & R Report No. 06.09: Evaluation of Supplemental
Educational Services at Hodge Road Elementary School 2005-06. Raleigh.

Prosci ADKAR Model. (2012). Prosci.

Sannino, A., & Nocon, H. (2008). Introduction: Activity theory and school innovation. Journal
of Educational Change, 9, 325-328.

SAS Institute. (2009a). Identifying students who are ready for Algebra I: Algebra readiness
curriculum supplement. Raleigh, NC.

SAS Institute. (2009b). Mathematics talent identification and reclamation in Moore County
School District. Raleigh, NC.

Schildkamp, K., & Poortman, C. (2015). Factors Influencing the Functioning of Data Teams.
Teachers College Record, 117(403-410).

Senge, P. (2006). The Fifth Discipline: The Art and Practice of the Learning Organization. New
York: Doubleday.

Shane, K. (2017). Data usability and the hidden costs for schools. Learnmetrics. Chicago,
[linois.

Sheltrown, N. (2014). Averages don’t matter. .and other common mistakes in data analysis.



EdSurge, Dec 15.

Singleton, G., & Linton, C. (2006). Courageous Conversations About Race: A Field Guide for
Achieving Equity in Schools. Thousand Oaks, CA: Corwin Press.

Smith, J., & Niemi, N. (2007). Exploring teacher perceptions of small boys in kindergarten.
Journal of Educational Research, 100(6), 331-335.

Sparks, E., Johnson, J., & Akos, P. (2010). Dropouts: Finding the needles in the haystack.
Educational Leadership, 67(5), 46—49.

Sparks, S. D. (2016). Studies: When educators cheat, students suffer. Education Week, April 26.

Stiff, L. V., Johnson, J. L., & Akos, P. (2011). Examining what we know for sure: Tracking in
middle grades mathematics. In W. F. Tate, K. D. King, & C. R. Anderson (Eds.), Disrupting
tradition: Research and practice pathways in mathematics education (1st ed., pp. 63-75).
Reston, VA: National Council of Teachers of Mathematics, Inc.

Stone, C. B. (1998). Leveling the playing field: An urban school system examines equity in
access to mathematics curriculum. The Urban Review, 30. 295-307.

Stone, C. B., & Turba, R. (1999). School counselors using technology for advocacy. Journal of
Technology in Counseling, 1(1), 1-15.

Theokas, C., & Saaris, R. (2013). Finding America’s missing AP and IB students. Washington,
D.C.

U.S. Department of Education, Office of Secondary Education, & Office of State Support.
(2015). Fundamental change: Innovation in America’s schools under Race to the Top.
Washington D.C.

Van den Bergh, L., Denessen, E., Hornstra, L., & Voeten, M. (2010). The implicit prejudiced
attitude of teachers. American Educational Research Journal, 47(2), 497-527.

Vanfossen, B. E., Jones, J. D., & Spade, J. Z. (1987). Curriculum tracking and status
maintenance. Sociology of Education, 60(1987), 104—122.

Varkey, P., & Antonio, K. (2010). Change management for effective quality improvement: A
primer. American Journal of Medical Quality, 25(4), 268-273.

Wayman, J. C., & Cho, V. (2009). Preparing educators to effectively use student data systems. In
T. J. Kowalski & T. J. I. Lasley (Eds.), Handbook of Data-Based Decision Making in
Educaiton (pp. 89—104). New York: Routledge.

KEY TERMS AND DEFINITIONS



Accountability: in the context of education, accountabilityis related to equity and refers to
school progress toward achieving high academic outcomes for all students.

ADKAR Model: the ADKAR model is a change management tool for organizing the change
process in an organization referencing the awareness of the need for change, the desire for
change, the knowledge for how to change, the ability of each individual to change, and
reinforcing change outcomes for long-term institutional growth.

Change Management: the process by which change is planned, implemented, and measured.

Mental Model: a deep seated mindset, belief, values, assumptions, or perception which
determines the way an individual views and acts in in a workplace environment.

Organizational Learning: a process of improvement within an organization accomplished
through clear objectives and intended outcomes for what needs to change, who needs to change,

why the change is needed, and how change will occur.

Personal Mastery: self-awareness of each individual’s behavior and its impact on others in the
change process.

Shared Vision: a common meaning, understanding, or focus of what needs to change within a
group.

Systems Thinking: a means for reframing a problem from a cause and effect linear relationship
to a wider scope of inter-relationships and intertwining solutions to problems.

Team Learning: groups of individuals learning at the same time to accomplish a change goal.



